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Relational Queries (SQL)

Data organized into one or more tables
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Relational Queries (SQL)
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Relational Queries (SQL)

Data organized into one or more tables

‣ Tables contain columns and rows.

‣ Tables typically represent a collection 
of objects of a certain type, such as 
customers or products
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Data organized into one or more tables

‣ Tables contain columns and rows.

‣ Tables typically represent a collection 
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A relation is just a table.

Attributes are columns.

attribute
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A relation is just a table.

Attributes are columns.

Rows are records or tuples

record
/tuple



Spark SQL

DataFrame is Spark SQL’s core abstraction.

Conceptually equivalent to a table in a 
relational database.
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DataFrame is Spark SQL’s core abstraction.

Conceptually equivalent to a table in a 
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DataFrames are, conceptually, RDDs 
full of records with a known schema

Unlike RDDs though, DataFrames 
require some kind of schema info!

DataFrame, is a table, sort of.
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DataFrames are, conceptually, RDDs 
full of records with a known schema

DataFrames are untyped!
That is, the Scala compiler doesn’t check 
the types in its schema!

DataFrame, is a table, sort of.

DataFrames contain Rows which can 
contain any schema.



Spark SQL

DataFrame is Spark SQL’s core abstraction.

Conceptually equivalent to a table in a 
relational database.
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DataFrames are, conceptually, RDDs 
full of records with a known schema

DataFrames are untyped!
That is, the Scala compiler doesn’t check 
the types in its schema!

Transformations on DataFrames are also 
known as untyped transformations

DataFrame, is a table, sort of.



SparkSession

To get started using Spark SQL, everything starts with the SparkSession



SparkSession

To get started using Spark SQL, everything starts with the SparkSession

import org.apache.spark.sql.SparkSession

val spark = SparkSession

.builder()

.appName(”My App”)

//.config(”spark.some.config.option”, ”some-value”)

.getOrCreate()
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